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Stylised facts (1): limited regional innovation
If R&D Is not coupled by Human Capital
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Stylised facts (2): human capital-innovation
nexus weaker in the periphery
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Stylised facts (3): summary

R&D and Human Capital are highly
complementary: stronger impact of R&D In
Human Capital-rich regions;

R&D maximizes Its
effect on innovation when it ranges between 2%
and 3% of regional GDP;

Positive impact of Human Capital only when
share of regional population with tertiary
education is above 20%;

In peripheral regions:

— R&D not significant driver for innovation;

— Human Capital exerts some influence but weaker
than in the ‘core’



Key Question

Human Capital Is key to economic

performance in the periphery of Europe
BUT Its returns are lower than in coreﬂ
regions.

How can regional and human C
policies help?

... let me discuss a practical
example




An example: Master and Back

 Focus on the impact of a mobility grant scheme
funded by the European Social Fund iIn
Sardinia (ex-Objective 1 region in the Italian
Mezzogiorno).

« The Master & Back scheme aims to foster
regional human capital and Increase the
employability of local graduates by covering the
cost of post-graduate studies in other regions or
countries.

e Launched in 2005 more than 200 million Euros
have been spent so far;



Evidence from ongoing

research (1)

* Crescenzi, Gagliardi and Orru (2014) look
at the quality of job matching following
the completion of the program.

 The analysis looks at vertical matching
and horizontal matching.

— Vertical matching: formal level of education
required in the job description/specifications
corresponds to the actual formal qualification
of the worker;

— Horizontal matching between actual skills
and those practically required by current job
tasks.



Table 2: Treatment Status and Vertical Job Matching

Results: Vertical Job Matching

Dep.ar: (1) (2]
rtical matchin (] [

0.0752** 0.113%**
{0.0307) (0.0314)

Treatment status

0.123%**
{0.0316

0.124%**
(0.0313)

(5}
L}

0.0907**
(0.0270)

(&)

-0.190
{0.408)

F | LT =0 1] Ml -1 O =L -0
Emale (0.0265) (0.0261) (0.0265) (0.0267) (0.0266) (0.0279)
Married 0.0220 0.0190 0.0127 0.0001 0.00250 -0.0140
{0.03186) (0.0315) (0.0311) (0.0307) (0.0308) (0.0400)
-0.0086%* -0.0099** 0.0093** 0.0103** -0.0095%* -0.0104**
Age (0.0042) (0.0042) (0.0041) (0.0041) (0.0041) (0.0043)
Master {first fevel) 00490 0.0801 0.0366 0.0321 -0.0212
(0.0705) (0.0712) (0.0717) (0.0720) (0,106
Master {second level) 0.105*** 0.118%** 0.0856** 0.0862*** 0.0532
(0.0312) (0.0310) (0.0314) (0.0313) (0.0589)
B 0.212%** 0.169%** 0.153%** 0.152%** 0,111
(0.0316) (0.0321) (0.0329) (0.0330) (0.0687)
- 0.135%*+ 0.0958%* -0.0970%* 0.0835*
Economics and Statistics (0.0411) 0.0431) (0.0427} (0.0475)
Other social sciences 0.1487 01277 “0.126™* -0.0806
(0.0392) (0.0397) (0.0396) (0.0739)
——— 0,155+ 0.176%=* 01764+ -0,181%**
(0.0329) (0.0321) (0.0320) (0.0344)
i 0.162%** 0.167*** 0.168%**
Pulbllc Sector (0.0325) (0.0327) (0.0334)
Marmufacturing 0.314°* 0,293+ 0.305**
[0.144) {0.143) {0.145)
Services 0.188 0.183 0.205
[0.142) {0.141) {0.145)
Sardini -0.0635* 0.174
Ardinia (0.0349) 10.163)
10774+ 1.060%** 1.109%** 0.8B0*** 0.910%** 1.061%**
Constant
[0.140) {0.139) (0.138) 0,195} {0.195) {0.295)
Observations 980 960 960 060 960 560
R-squared 0.012 0.041 0.069 0.102 0.106 0.057

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p=0.1



Results: Horizontal Job Matching

Table 4: Treatment Status and Horizontal Job Matching

Dep Var: () ) B) @) 5) (@)
Masizantalomatching QLS QLS QLS QLS Qus 2505
I‘_r‘_}aﬁm“It . 0.0904% o111*" 0.117°** 0.124°%* 0.0851° 0.232
[0.0272] [0.0381) (0.0393) (0.0394) 10,0442 0.470
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(0.0305) (0.0304) (0.0317) (0.0322) {0.0321) {0.0324)
— 0.0684* 0.0654* 0.0625* 0.0580 0.0608* 0.0695
(0.0350) (0.0351) (0.0352) (0.0353) (0.0353) {0.0446)
e 0.0148%**  0.0152***  -0.0150***  -D.OLE0***  -0.0IS1***  0.0147%**
B (0.00480) (0.00484) (0.00490) 10.00452) (0.00493) (0.00514)
0.0652 0.0787 0.0482 0.0431 0.0710
Master (first level
Ffirst level] (0.0782) (0.0778) (0.0784) {0.0787) (0.118)
0.0440 0.0506 0.0288 0.0295 0.0468
Maste d level
F (secand level) (0.0362) (0.0364) (0.0372) (0.0371) {0.0665)
o 0.124%% 0.103** 0.0912* 0.0897* 0111
(0.0473) (0.0453) (0.0489) (0.0488) (0.0831)
i o -0,0584 0.0348 0.0361 0.0432
Ec nd Statist
anamies and Statisties (0.0471) (0.0486) {0.0483) {0.0533)
Other social sciences 0.0810* 20,0742 0.0735 0.0972
(0.0460) (0.0468) (0.0467) (0.0878)
Humanitis 0.0753* 0.0949%* 0.0938%* 0.0912%*
an (0.0392) (0.0395) (0.0394) {0.0402)
0.105%%+ 0.111%%* 0.110%**
Public Secto
HillE sectar (0.0364) {0.0365) {0.0364)
000999 0.0144 0.0208
Manufacturi
niracturing 10.133) (0.132) (0.124)
. 0.00624 0.0125 0.0242
Sarvices
{0.128) (0.127) (0.133)
- 0.0732* 00152
Sard
reiniz (0.0387) (0,190}
Constant 1.178%* 1.15g%* 1.185%%* 1 187%4 1.7224% 1,1434%
0.164) (0. 165) (0.167) 10.203) (0.203) (0.322)
Observations 960 360 960 960 960 960
R-squared 0.024 0.031 0.036 0,045 0.049 0.039

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1



Evidence from ongoing

research (2)

Some positive effect of M&B mobility grants
on both vertical and horizontal skills matching

HOWEVER

After appropriately controlling for the
(self)selection into the programme:

*Effect not significant;

*No effect neither for beneficiaries working In
Sardinia nor for those who remain / move
elsewhere.




Some tentative conclusions

Human Capital in peripheral regions deserves
special attention;

Brain drain and skill-mismatch are key
problems;

Regional and human capital policies should be
closely coordinated;

Learning mobility schemes are promising tools;

Selection mechanisms of the beneficiaries need
to be carefully designed in order to broaden
participation among groups and categories that
would otherwise not be involved,

Supply-side labour market policies cannot be
decoupled from appropriate demand side
policies In lagging regions.
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